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About the Social Media Lab

@SocialMediaLab.ca



NAME OR LOGO

“Making Sense of a Networked World”

A Multidisciplinary Research 
Laboratory at TRSM

The lab’s research seeks to advance the 
public’s understanding of the benefits and 

pitfalls of social media adoption.
Dr. Anatoliy Gruzd 
Canada Research Chair, 
Professor and Co-Director

Philip Mai M.A., J.D. 
Co-Director and Senior 
Researcher



Research Foci

Research Foci 



Online

International Conference on Social Media & Society
July 2026 | London, UK

2016

2017

2018

2019

2010

14 Years Running
400+ Authors, 
200+ Attendees from 
25+ Countries every year

2020

2022

Online

2024

socialmedialab.ca/events/

The Social Media Lab 
hosts a variety of research 
events throughout the 
year. These events allow 
participants to exchange 
ideas, learn new tools and 
methods, discover new 
research and network with 
peers. 



Soares, F. B., Gruzd, A., & Mai, P. 
(2023). Falling for Russian 
propaganda: Understanding the 
factors that contribute to belief in 
pro-Kremlin disinformation on social 
media. Social Media+ Society, 9(4), 
20563051231220330. 

Recent publication: Exposure to and Belief in Pro-Kremlin 
Disinformation among Canadians

Key Findings
1. Exposure to disinformation on social 

media is positively correlated with belief 
in it.

2. Individuals who hold right-leaning 
ideology are more likely to believe in 
pro-Kremlin claims overall as compared 
to those who hold mixed or left-leaning 
views. 

3. Those who believe in pro-Kremlin claims 
are more likely to rely on social media for 
news about the war than those who do 
not believe.https://doi.org/10.1177/20563051231220330 

https://doi.org/10.1177/20563051231220330


Gruzd, A., Mai, P., & Soares, F. B. (2024). 
To Share or Not to Share: Randomized 
Controlled Study of Misinformation 
Warning Labels on Social Media. In 
Multidisciplinary International Symposium 
on Disinformation in Open Online Media 
(pp. 46-69). Cham: Springer Nature.

Recent publication:  Effectiveness of Warning Labels on 
Posts Containing False Claims about the Russia-Ukraine War

https://doi.org/10.1007/978-3-031-71210-4_4 

https://doi.org/10.1007/978-3-031-71210-4_4


Recent publication: Pro-Kremlin discourse on Twitter

Key Finding

● 53% of the sample posts aligned with 
pro-Kremlin narratives against Ukraine. 

● By exploiting anti-refugee sentiments and 
political/cultural fault lines in the West, 
pro-Kremlin messages contribute to 
○ diminishing support for Ukrainian 

refugees, 
○ minimizing the severity of the war, and 
○ undermining international support for 

Ukraine.

https://doi.org/10.5210/fm.v29i8.13734


PUBLIC REPORTS
Data About Canadians For 
Canadians

As part of our work, the Lab 
produces public reports that provide 
a snapshot of social media usage 
trends in Canada and a window into 
Canadians’ attitudes and 
perspectives toward issues such as 
misinformation, politics, and privacy 
in the context of social media. 

Our public reports are widely used 
by different stakeholders including 
parliamentary committees, 
government departments, journalists, 
researchers, educators, the business 
community and the general public.

socialmedialab.ca/public-reports/ 

Recent Reports:
● The State of Anti-Social Behaviour on Social Media 2023
● The Influence of Influencers in Canada 2023
● The Reach of Russian Propaganda & Disinformation in 

Canada
● State of Social Media in Canada 2022

https://socialmedialab.ca/public-reports/
https://socialmedialab.ca/2023/11/01/the-state-of-anti-social-behaviour-on-social-media-31-of-canadians-experienced-one-type-of-anti-social-behaviour-on-social-media/
https://socialmedialab.ca/2022/11/22/the-influence-of-influencers-in-canada-a-census-balanced-survey-about-social-media-influencers-in-canada/
https://socialmedialab.ca/2022/07/11/are-canadians-immune-to-russian-propaganda/
https://socialmedialab.ca/2022/07/11/are-canadians-immune-to-russian-propaganda/
https://socialmedialab.ca/2022/09/14/survey-finds-canadians-are-spending-less-time-on-social-media-but-tiktok-is-the-exception/


Research 
Tools & Apps
In addition to 
conducting original 
research, we also 
develop tools 
and dashboards that 
support social science 
research and to track 
misinformation.

Our apps and tools are 
used by thousands of 
students, educators, 
researchers & analysts 
worldwide each year.  

socialmedialab.ca/apps

Today’s focus

https://socialmedialab.ca/apps/social-media-research-toolkit-2


Types of Social 
Media Research 

Interacting with 
Users

Surveys, 
Interviews, Focus 

groups, 
Experiments

Non-intrusive

Observational
/ Netnography

Document-based 
(e.g., posts)

Today’s 
focus



Collection

3. Public 
Archives

1. Data 
Grants

2. Data 
Providers 
/Resellers

4. Web 
ScrapingNot illegal but might be in 

violation of  TOS 

5. Public 
APIs

Social Media Data

Different Options of Collecting Social Media Data

https://www.propublica.org/datastore/dataset/facebook-ad-categories


Social Media Analytics Stages
Collection Storage Analysis Publishing Reuse Preservation  

Ethical Considerations

• Social Media Research Ethics → not a “one size 
fits all” framework

•  Privacy varies across uses, users, and data types

• Academic researchers > Employer > 
Financial Companies, Government bodies, 
Marketers 

• Aggregated > Raw > Social Network Data 

(Social Media Lab)

• Research more ‘acceptable’ if:
• “it’s going to a good cause”
• “general public good”

• Social media users care about data quality, 
accuracy, representation.

• Special consideration when studying sensitive 
topics and vulnerable groups (e.g., minors, the 
deceased, mental health). 

(Golder et al. 2017)
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A research tool developed by TMU’s Social Media Lab for studying 

online communities and discourse

Communalytic can collect, analyze, and 

visualize public data from social media (e.g. 

Reddit, Bluesky, Mastodon, Telegram,  or CSV 

files.

https://communalytic.org

Research Tool: Communalytic

https://communalytic.org
https://communalytic.org
https://communalytic.org


A no-code computational social science research tool for studying online 
communities and public discourse. It is designed to provide researchers, 
journalists and students with essential resources and infrastructure for 

conducting independent, public-interest research. Users can bring their own 
data or use one of Communalytic’s various social media data collectors.

2 Versions of Communalytic

https://communalytic.org/ 

https://communalytic.org/


https://communalytic.org/ 

https://communalytic.org/


https://communalytic.org/ 

Today’s focus

https://communalytic.org/
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Use a Gmail email account 
to sign up or log into Communalytic EDU



https://communalytic.org/ 

https://communalytic.org/
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2. Explore Latent Topics1. Represent & Project Posts into a Semantic Space

Topic Analysis with Text Embeddings



What are text embeddings?  
Example of word embeddings:

1. Define “dimensions” and set 
values per word or sentence.

2. Reduce the # of dimensions 
to visualize them in 2D or 3D.

3. The closer dots (word or 
sentences) are in the 
visualization, the closer they 
are semantically.

Image sourced from: https://medium.com/@hari4om/word-embedding-d816f643140
24

https://medium.com/@hari4om/word-embedding-d816f643140
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Thank you! -0.061 -0.037 -0.002 -0.120 -0.025 -0.007 0.006 -0.004 -0.085 …

Wow! Thanks for your 
valuable feedback.

0.011 0.003 0.013 -0.047 -0.032 0.014 -0.082 -0.081 0.000 …

Thank you for the advice. 
I will try that too :-)

0.023 -0.092 0.017 -0.038 -0.010 0.026 -0.164 -0.081 -0.028 …

N dimensions (columns)
 

What are text embeddings?  
Example of sentence embeddings:



Main Steps of Communalytic’s Topic Analyzer



1. 
Pre-processing 

posts

• Excluding empty 
and posts shorter 
than 3 words;

• Posts over 300 
words are 
truncated.

2. Representing 
posts as vector 

embeddings

• Representing posts as 
vector embeddings with 
a multilingual 
embedding model

-0.061 -0.037 -0.002 …

0.011 0.003 0.013 …

0.023 -0.092 0.017 …

Thank you!

Wow! Thanks for your 
valuable feedback.

Thank you for the 
advice. 
I will try that too :-)

N dimensions

Visualizing Posts in a 3D Semantic Space



Visualizing Posts in a 3D Semantic Space

Communalytic uses VoyageAI API to 
transform text into embeddings with 

1024 dimensions

Supported languages 
(27+) 

● Arabic
● Bengali
● Czech
● Danish
● Dutch
● English
● French
● Georgian
● German
● Greek
● Hungarian
● Italian
● Japanese
● Korean
● Kurdish
● Norwegian
● Persian
● Polish
● Portuguese
● Russian
● Slovak
● Spanish
● Swedish
● Thai
● Turkish
● Urdu
● Vietnamese

1. 
Pre-processing 

posts

• Excluding empty 
and posts shorter 
than 3 words;

• Posts over 300 
words are 
truncated.

2. Representing 
posts as vector 

embeddings

• Representing posts as 
vector embeddings with 
a multilingual 
embedding model

-0.061 -0.037 -0.002 …

0.011 0.003 0.013 …

0.023 -0.092 0.017 …

Thank you!

Wow! Thanks for your 
valuable feedback.

Thank you for the 
advice. 
I will try that too :-)

N dimensions

https://www.voyageai.com/


3. Projecting 
embeddings 

into a 3D space

• Reducing 
dimensions of 
embeddings to 3 for 
visualization 
purposes 

X Y Y

-10.2253 2.7207 3.3322

-11.1033 2.5041 5.3142

-9.4269 3.15141 -19.1229

3D

Visualizing Posts in a 3D Semantic Space

1. 
Pre-processing 

posts

• Excluding empty 
and posts shorter 
than 3 words;

• Posts over 300 
words are 
truncated.

2. Representing 
posts as vector 

embeddings

• Representing posts as 
vector embeddings with 
a multilingual 
embedding model

-0.061 -0.037 -0.002 …

0.011 0.003 0.013 …

0.023 -0.092 0.017 …

Thank you!

Wow! Thanks for your 
valuable feedback.

Thank you for the 
advice. 
I will try that too :-)

N dimensions



1. 
Pre-processing 

posts

• Excluding empty and 
posts shorter than 3 
words

• Posts over 300 
words are truncated.

2. Representing 
posts as vector 

embeddings

• Representing posts 
as vector 
embeddings with a 
multilingual 
embedding model 
(VoyageAI API)

3. Projecting 
embeddings into 

a 3D space

• Reducing dimensions 
of embeddings to 3 for 
visualization purposes 
(UMAP)

4. Clustering 
posts based on 

semantic similarity

5. Visualizing 
posts via a 3D 
interactive map

• Displaying posts in a 3D 
space using an interactive 
web-based visualization

• Review and label clusters 
based suggestions from 
an LLM (Llama 3)

-0.061 -0.037 -0.002 …

0.011 0.003 0.013 …

0.023 -0.092 0.017 …

Thank you!

Wow! Thanks for your 
valuable feedback.

Thank you for the advice. 
I will try that too :-)

N dimensions

X Y Y

-10.2253 2.7207 3.3322

-11.1033 2.5041 5.3142

-9.4269 3.15141 -19.1229

3D

Topic 1 Topic 2

Topic 3

Visualizing Posts in a 3D Semantic Space

• Grouping posts 
located close to each 
other in a 3D space 
based on a clustering 
algorithm 
(HDBSCAN)

https://www.voyageai.com/
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Semi-Automated 
Labeling of Clusters

Auto-Labeling with a 
Large Language Model 
• Automatically labels 

each cluster
• Synthesizes short 

topical descriptions for 
each topic/cluster



Hands-on Exercise:  
Posts mentioning “Azerbaijan” on Bluesky, following the crash of 
Azerbaijan Airlines Flight 8243 on December 25, 2024

Step 1: Download a zipped CSV file: https://bit.ly/hicss25-dataset
and import it into Communalytic

https://bit.ly/hicss25-dataset


 Dec 25

Flight 8243 crashes near Aktau, 
Kazakhstan

Dec 26

Initial reports 
suggest bird strike, 
experts doubt it. 

Dec 27

Investigations open 
in Kazakhstan, 
Azerbaijan, and 
Russia. 

Dec 28

- U.S. officials suggest Russian air defense 
involvement. 
- Putin apologizes to Azerbaijan for the incident. 
- Zelensky expresses condolences, demands 
investigation

Dec 29

-  Aliyev demands full 
admission from 
Russia for the crash. 

Source: https://en.wikipedia.org/wiki/Azerbaijan_Airlines_Flight_8243 

Practice Dataset: 
https://bit.ly/hicss25-dataset 

https://en.wikipedia.org/wiki/Azerbaijan_Airlines_Flight_8243
https://bit.ly/hicss25-dataset
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Step 2: Click on the Topic Analysis icon
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Step 3: Click Visualize Embeddings
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Step 4: Wait
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Step 5: Click Open Visualization
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Step 6: Explore the 3D Semantic Similarity Map



39

Step 7: Review & Label Clusters 
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Step 7: Review & Label Clusters 
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Step 7: Review & Label Clusters 
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Step 8: Cross-validate each AI-suggested label 
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Step 8: Cross-validate each AI-suggested label

Portuguese Ukrainian English
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Step 9: Change clustering parameters to reduce/increase 
the number of clusters (Optional) 

#Clusters
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Supported Clustering 
Algorithms

● Fast HDBScan (the 
default) is best for data 
with varying densities 
and outliers but requires 
parameter tuning.

● KMeans is efficient and 
easy to use but assumes 
spherical clusters and is 
sensitive to outliers.  

● Gaussian Mixture offers 
flexibility in cluster 
shapes with probabilistic 
memberships but 
assumes Gaussian 
distributions.

HDBScan 
Parameters 

● Epsilon controls the 
distance for neighborhood 
consideration, impacting 
how close points need to 
be to form a cluster.  

● Minimum Sample Size 
determines the density 
requirement for a point to 
be considered a core point 
and thus part of a cluster.   

● Minimum Cluster Size 
sets a threshold for the 
minimum number of posts 
required to form a cluster.   



Adjusting Clustering Parameters based 
on the Davies-Bouldin Index (DBI)

Related tutorial: https://communalytic.org/docs/adjusting-clustering-parameters/ 

https://communalytic.org/docs/adjusting-clustering-parameters/
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